Tea Chrysanthemum

Detection under Unstructured Environments

Tea Chrysanthemum Impact of different unstructured scenarios on TC-YOLO

YangMa
Fu ll b lO om sta g = Correctly Identified Falsely Identified Missed
A Environment Count
Normal occlusion
Amount  Rate (%)  Amount  Rate (%) Amount  Rate (%)
Strong light 6853 5519 80.54 517 7.54 817 11.92
Normal hght
) Weak light 16511 14639 88.66 1174 Wl 698 423
early flowering stage
A Strong light Normal light 23542 22123 9652 438 1.86 381 1.62
1 5 30 High overlap 5699 4702 82.51 186 3.27 811 1422
Normal overlap -
Moderate overlap 12998 11814 90.89 476 3.66 708 .56
Moderate occlusion Highoverly
T Normal overlap 21883 21251 97.11 182 0.83 450 2.06
High ooclusion High occlusion 8352 6806 81.49 601 7.2 945 11.31
Weak light
r Moderate occlusion 14552 13076 89.86 586 4.03 890 6.11
Moderate overlap
Normal occlusion 23523 22789 96.88 296 1.26 438 1.86
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Some visualization results

Object detection flow chart
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Test results on the Jetson TXZ2

Some results e S A

SN-GAN S 390 34.61
BigGAN Si2*5] 2 311} 9245
iy Dist-GAN 64*64 422 34.68
Progressive GAN 64*64 456 85.11
gz LSGAN 112%112 411 88.03
Rob-GAN 128*128 490 839.28
After 300 epochs, the MGAN 64%64 450 36.39
0.6 - dverage accuracy
= reaches 90.09% AutoGAN 64*64 433 L i
';g“ Improved DCGAN 64*64 396 38.38
R DAG A48*48 330 87.29
Improved WGAN-GP 28*28 370 86.16
| Improved WGAN 128%128 343 91.16
TC-GAN Nl 2%5] 2 o 04.23
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Part of the Indicator results Some test results Generated images for different epochs Loss curves for generators and discriminators




